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Introduction Evaluation Tasks
The North Star Question: Principle:
« Comparable to developmental milestones of infants
Can we achieve infant-level intelligence using infants’ sensory data only? - Testable for computer vision models

* In the same domain as the training data
We provide a framework of...
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« A O(M)-scale baseline VLM trained from scratch purely on infant data.

Datasets

Filtered SAYCam dataset:
« Egocentric, longitudinal, audiovisual dataset collected by infants (6-32 months).
 Child-directed utterances + sample frames.
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Task Generation Pipeline
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Baseline Model (BabyLLaVA)

Trained from scratch purely on SAYCam / the transferred dataset
Inspired by LLaVA, but compact and developmentally constrained.
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Observation:

« Theinfant-directed SAYCam data contains rich information for models to perform various tasks.
- LLaVA fine-tuned on SAYCam data degrades, likely due to the dataset’s limited image-text alignment.
« When dataset is limited, simply upscaling model doesn't help.
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